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Task 1: Humour-aware Information Retrieval

[ 1 %cd “fcontent/drive/MyDrive/ OKERS JOKER/Task 1 - retriewal” ObjeCtive MGthOdOlogy

S+ Ffeoontentsdrive/MyDrive/ JOKERSIDKER/Task 1 — retrieval

The primary objective of this Data integration, TF-IDF

[] 1= 0 0 . 0 oo
task is to develop an effective Vectorization, Model training
== joker_ 2834 taskl corpus-ison joker 3924 taskl gueries te=t.qi=on result_task 1l.isod . ] . .
~  {oker_z824 taskl _grels_train.iseom joker 2924 taskl_gqueries_train. json humour-aware information and validation
[ | cCcorpaes _data = pd. read_jsonl” fcontent Sdrive/Mylrive s FOKER S IOEER Y Task 1 retrieval/joker 3024 taskl corpus. json") retrieval SyStem'reSponse tO
corpuas_data. head| 1@ .
user queries.
= docid text
i f Good laws hase =prundg Inom bad Desioms.
i Z Tho muscal score o Topsytumnoydom does not 5...
_ Approach Model Setup
z &  Tho organio compoard primardy responsbke for...
2 9 i ors of 1 m Cal lizs. . 5 .
s ——— The approach involves o Vectorization
4 = Sink iz jwert] To folow or walch Sombons S, ..
E B fethesnh Naskeene e fmmie ks leveraging a combination of o Machine learning model
& 7 TheUnchangrg is the eighih studic album by A... corpus data, query relevance o Training data
rooE Srompion s e e judgments, and training queries o Evaluation metrics
- & Tha initiad goal is o build a spaoe elesaion ... .
to train a model capable of
) ] In Tho past, refuse wos simply 0 in plas o...
discerning relevant jokes based
[ ] grels_train = pd. reead_jsonl"fcontent fdriveMyDPrive JOSER S IOHER ' Task 1 retrieval/joker 2824 taskl grels_train. ison™)

on queries

grels _train. hesd|12)

— gid decid grel

@ ogd_tron_ 0 ZFIEl o
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.u. queriss_train = p:l.rza:l_j:unl:".-'cn".:erI:."ﬂr1'-E.-'H',Dr1u'e."JI]KER.-'Jl:ﬁEH..-'Task 1 - r\e:rmuaI.,-']nker_IB]-i-_taskl_uxrles_train.Jmn"f'

b}

Z od_ran_0 51136 1
3 agd_ran_0 1706E 1
4 gd_ran_0 B3 1
5 ogd_rmn_1 28237 1
& gd_ron_1 I3E54 0
T o ramn_ 1 42334 o
& ogd_tan_1 45820 0
S agd_ron_1 50405 0

queriss_train.headi 18]

gid query
@ gk _rain_D s lament
1 gid_man_1 sleps
Z od_tran_10 Faculty
3 gd_frain_M doath
4 gid_rain_2 W
5 gid_frain_3 math
& gid_frain_4 Tom
T gid_ran_5 oolors
& g ran_6 domesic animal
9 qgid_ran_T spacs

impart pandas as pd
impart json

with opent'/contentSdriveMyDrive/J0KER/JOKER/Task 1 - retrieval/joker_2824_taskl_grels_train:json; "r'] as file:

grels = json, load|filel

with opent '/content drive MyDrive/J0KERSJOKER/ Task 1 - retrievaly/joker_zZB34_taskl_corpus.json®,; “r*] as file:

corpus = json.load(file}

with opend'/content/drive MyDrives/J0KER/JOKER/Task 1 - retrieval/joker_2824_taskl_geeries_train.json’

traim = json. load| filel

data_qrels = pd.DataFrane{grels)
data_corpus = pd.DataF rame| corpus )
data_train = pd.DataFrame{train}
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from sklearn, feature_extraction.teExt import TTidfWectorizer

tiidt vectorizer = TiidfVectorizerd|

Fguery text and joke text into a single columm - TF-IDF ¥Vectorizer

data_mergped [ text_all'] = data_merged|'guery’] + " = + data_merged|[' text’ |

# Fit and transform the combined text

tfidf_matrix = tfidd_vectorizer.fit_transformidata_merged |’ tect_all']}

E_train
¥y train

data_merped[“qrel®]

tfidf_wvectorizer. fit_transformidata_perged [ text_all']p

fron sklearn. Linear_model tnoort LogisticRegression

# Logistic Regression model
model = LogisticRegression|)

# Trained model

trained_model = model. fitid_train, y_traim)

model. f1t(X_train, y_train]

{+ LogisticRegression |
iLogisticRegression(}

i arrsrrmrmssmrssrrsrrsrEssmssmrsmrarEnnEnas

4

with open{’scontent/driveMyDrivesJOKER/IRER/Task 1 - retrieval/joker_2824_taskl_geeries_test.jsom’'; °r'} as file:

test_gqueries = json. Loaddfile)

data_test_gueries = pd.DataFrare(test_gueries)

data_test_gueries.head(18]

gid query
@ gid_fesi D ooala
1 gkd_kest 1 MhlSo
Z o _tesi 10 chilkdron
3 gd_test 11 milk
4 ol _tesi 12 maoankght
5 oW _tesi_13 niadl
& g _tesl 14 ob=ession
T ok _tesi 15 harss

P10

Metric

Score

MRR

0.65

Precision @ 1

0.70

Precision @ 5

0.60

Precision @ 10

0.55

th

gid query

@ gid fesid kcala
1 oid fesi i g TE
Z oid_fesi_10 childran
3 gu_tost 11 milk
4 agid tesi 12 mizankgh
5 aoid tesi 13 gt ||
& oid_fesi_ 14  obsession
T oid_tesi_ 15 harsg
2 g tesl 15 wild animals
9 aid_tesi 17 daaih

data_test_queries = data_test_gueries. headi 5]

results = []
# Iterate over each test guery
for index, test_guery in data_test_gueries.iterrowst ]!
guery_id = test_guery('gdid']
guery_text = test_guerylguery’]
# Calculate relevance for each joke in the corpus with thisz gue
scores = [
for _, joke in data_corpus. iterrows|jo
if joke['text'] is Woner
Cin T Lniss
else!l
tent_all = guery_text + * " + joke["text®]
vectorized text = tfidf vectorizer.transforml [text all])
relevance score = model.predict probadwvectorized text| (8,
SCOMES, appendd |
‘docid't joke(*docid'],
‘scors"! relevance_scors

13

# Sort jokes by relevance score in descending order
scores. sort{key=lanbda x1 w]*score’]. reverse=True)
&F Prepare outpot J50NM format
for rank; score_info im enumeratelscores; starit=ll:
results. appendi |
“run_id ' i"t=an_Petra_and_Regina_task_1_TFIDFY,
‘manual'ie,
‘rank":z rank,
*score’: score_infolscors'],
*docid®: score_infol docid’],
“gid'r guery_id
3

with -:-m:rll'r:let_t-asl-i_l-]sc--'u'. ‘W'l as owbfile:
json.dumplresults; outfile;, indent=4|



Task 2: Classification of Humorous Texts

v Task 2 [ def preprocessing_textlitextis
[ 1 df_merged_train_data.head{1ea) return text. lowerl

[ 1 pd
5% ycontent’ = id text class [ 1 dataframe_tradn[‘clean_text"] = dataframe_tradin|’'text’].apply{preprocessing text]
[ 1 %cd fcontent/drive/MyDrive/JOKER/JOKER/Task 2 - classification
(v} 2 kW Ko's punposo 5 i0 Do a coudonany talo ... ED
i— fFoontent fdriveMylrive/MIXERIOKER/Task 2 - classificatdon I I _‘ Er':'\:‘dﬂ
(1 s i 4 Today i not my dag,” | meater to mysal evar... (=] label_encoder = LabelEncodery]
v _train = label encoder.fit transformidataframe train('class'))
—_ ker-ZEZ24-taskZ-classification—test. s ker—Za2d-taskZ-classif t -t rain-— Ls.qs K r '] 1
= oher-2H24-1a5kI-cLasg 1t icat iON-trainenput. json  TesuLL task Zoisam e z = ket toachor called ma average. How maan! &0
O classification_test_data = pd.resd_json(“/content/drive/Mylrive/JOKER/JOKER/Task 2 — classificationjoker-282d-taski-classification-test.json”| ¥ B My enline ¥le & o :'lﬂ I':‘Hﬂ- 5":'l tedl why exa... (= ] I I # TF-IDF %ectorization
classification_test_data.head{l®) -
o 4 10 Howdo | moishrze myiace? |use my own foars! 5D e e e L .
= id text E _train_tiidf = tfidf wectorizer.¥it _transtormidatatrame_train| 'clean_text” )|
@ 0 Hawe you ever felt lke your enire (e is ju... —
1 1 Good day, this |s your irashcan spaaking.
2 2 Wiy We's purpose is to bo a caulionary tale ... 85 140 'l|'|I 'Tl.llrli:hng abtilties = 1 can oy nando ... =] I I # Train Logistic F.E‘;FEEEJ.I:II'I model
. T logistic_regression_model = LIEII;:Istii:F.tgrESsinnl:rlﬂ:ll_itEl_—lBEE'l
s s Foday by g g™ | riter o el Vet e 141 &Y abiliby o bl jokes = | bell joies sooumd... ah logistic_regression_model. Titid _traim_tfidf, y_tradn)
B o5 Wy macher caled me average. How meant g?' IdE mkamnm ﬂil|5 H..l kalﬂnm pu“urrranm ar.. m __|_ E ..................................................................... -
& B My ondine W s @ big joko. So, toll why exa... r s Ln-gi:tll:HEgrt“:l.-:-n
7 T Tmactualy awary hardworng person. Almost... 8 143 KMy clumsinass = | oan tip awer thin air and m... =0 iLogisticRegressioniman_iter=1088)
T T e e e e e L S J
L] E] Thiry say mongy laks. Bul al ming says is goa... ﬂ Id'q I.'TI I:F.ﬂl:l 5I11.'.|I'| :|I'II:| I1||:I“_:|-IIIT. HI:IEE |J| ||1I:I 1. E.l:l
[ 1 classification test data.duplicated]}.som() 100 rords 3 ool LIMinS [ 1 with opent'{oksr-28Z4-taski-classification—test.ison'; "r'}l as file:
. test_data = json. load|filel
[ 1 classification_tradin_input_data = pd.read_jsoni”/content/drive MyDrive/JOKER/JOKER/Task 2 - classification/joker—-2B24-task2-classitication-train-input. json®| ﬂ :I.Tpi: re ﬂﬁ"lﬂﬂﬂ = 19 I:‘:'
classification_train_input_data.head (18] ﬂ dataframe_test = pd.DataFrames]test _datal
: import json
LT i text from sklearn, featurs pxtraction.text import TTidfVectorizer
= e S0 in other news | just hed the door open for... from sklearn. Lingear_modsl import LoglisticReqgression [ 1 # Apply text preprocessing
1 448 Actimpanzoe, a gorlla and o baboon MG COMMLL.. from sklearn. prEprecessing import Lab=lEncaoder dataframe test|'cl=an_text'] = u.al;afrmg_ttst:'|:|5:|:1:"|.ﬂ:.pl_:lllprgpn:.cgssing_tm:t:-
2 1280 Amazng how tast this isam can go winning from...
3 1216 Thanis or not inlorming ma that my click and... .
4 1E7E e e [ 1 With cpent']oker-28E4-taskid-classitication—tradn-input. json", 'r*) as filec [ 1 # TF-IDF Wectorization for test data .
5 B3 I said "helio” to darkness, my ofd fend and... train_input = json. loadl®1le) ¥_test_tfidf = tfidf_vectorizer.transtormidataframe_test|'clean_text®])
5 B5 Having wary kow expectabons |5 the socret (o .. data_train_input = pd.ODataFrameltrain_input)
T OEET  100NT koW what possRssod me to ationd (. .. [ ] test_predictions = logistic_regression_model,predict{¥_test_tfidf)
& 1218 Wiorkod out 2 darys in a row. | am quibe [Beral... . i . - B
8 UGB! How o you cenias & snace paty? You panaL [ ] with cpeni'joker-28Zd-task2-classification—tradn-grels.json®; ‘r*) as #ile:
train_grels = json.load|file) [ 1 # Conwert back to original names
©Q clessification train_ingut_txts.duplicatedi) s ) data_train_grels = pd.Dataframeltrain_qrels) predicted_classes = label_encoder.inwerse_transtform(test_predictions|
L_\c_- ]
[ 1 classification_tradn_grels_data = pd.read_json(™fcontent driveMyDrive /JOKER/JOKERS Task 2 - classification/joker-2e824-taskz-classitication-train—grels.json”| I I ® '-'E-FI;E o id | | results = ||
classification_train_grels_data.he=adil8 | r
_ dataframe_train = pd.mergeldata_train_input, data_train_grels, om='id") for i, entry in emramerate|test_dstal
= id class cutput_entry = §
LoukE e “"run_id": "teaml_PFetra_and Aegina_task Z LogisticRegression';
1 448 EX [ 1 # Freprocessing functios “manual®! @
2 1m0 5O def preprocessing _teExtltext o “id*; entry["id]
3 126 5C rEturn text. Lower] § “rlass™: predicted classes[i]
4 1872 WE I_
B BB Ab , results. appendi cutput_entryd
& &5 =0 [ 1 dataframe_train[’'clean_text®] = dataframe_train|'text'].applyi{preprocessing text)
T 2387 WE
e [ ] with opent'result_task_Z.jsom'; "&'; encoding="wif-5'l as owtfile:
s wE A0 [ ] # Encode ison.dumpl results, outfile, indent=d]
label_encoder = LabslEmcodert |
[ 1 classification_tradn_grels_data.duplicatedi).sum{ | 'p'_t rain = lal:le-'l._!r'.-:-:-l:l! M= 'rit_trﬂr'ﬁ fo m(uatﬂ‘rﬂm_tminr'-:lﬂﬁs : |

== @



Task 2: Classification of Humorous Texts

from sklearn.metrics import accuracy_score, precision_score, recall_score, fl_score

accuracy = accuracy_score(y_true, y_pred)

precision = precision_score(y_true, y_pred, average='macro’)
recall = recall_score(y_true, y_pred, average='macro’)

f1 = f1_score(y_true, y_pred, average='macro’)

08
0.7 Metric Score
06
. Accuracy 0.75
04 . .
Precision @ 1 0.70
03
0.2 Recall 0.73
0.1
: F1 Score 0.74

Accuracy Precision Recall F1 Score
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Task 3: Translation of Puns from English to French

[ ] dataframe_train.taili{s)

« Task 3: Translation of puns from English to French

[T @pwd

.','_' "foontentsdrive/MyDrives J0KER/ JOKER,  Task 3 - translationfEN-FR-train”

[ 1 %cd “fcontent/fdriveMyDrive/JOKERSIOKER/Task 3 - translation/EN-FR-train"

== Joontent/driveMyDrive/I0EER/IOKER/Task 3 - translation/EN-FR-train

[1 1s

=% joker_task3_2e24_test.json joker_translation_ENM-FR_train_grels. json
joker_translation_EN-FR_train_input.json  joker_translation_EM-FR_train_grels.tsw
joker_translation_EN-FR_train_input.tsw

ﬂ translation_EN_FR_train_input = pd.resd json!"Scontent/driveMyDrive/ JOKER/JOKER/Task 3 - translation/EN-FR-train/joker_trans Lation_BN-FR_train_imput.jsan™)

translation_EW_FA_train_inpwt.head{5)

= id_en text_en
o en_1007 Savn the whales, spouted Tom.
1 en_1015  Hatown's poople have low 10s is the popuat...
2 en_102 A skior refired bocause he was going downhil.
3 en_ 103 Wy Wi uSes o Kicken mplement o shred ganl...
4 en 1031 Slaying at the irendy, now hotel was tho ARk
[ 1 translation_EW_FA_train_input.duplicated|}.sumi)
=0

.n. task3_2024_test = pd.read_jsonl" fcontent/driveMyDrives JOKER/JOKER/Task 3 - translation/EN-FR-trainsjoker_task3_z824_test.{son™)
taskd_2824_test.head{5)

L1 e s T e A e § B ey

= id_en text_en
== @
@ on 0 T ged 22 in @ marathon you really e to ..
1 on_1 The maths beacher always amaes moanng an od... [ 1 translation_EW_FR_train_grels = pd.resd_jsonl"fcontent/driveMylrive/J0KER/JOKER/Task 3 — translation/EN-FR-train/joker_translation EM-FR_train_grels.json™]

translation_EW_FR_train_grels.head{5}
2  on_Z What is tho worst thing about baing a director...

o .
3  en 3 Thene was @ guy wno gotlired from te orange ... = id_en teat_fr
4 on_d Oid presidenis nover die, they're just oot of ... & en 1007 "I {aut sauver les balsings”, jefa Tom avant ...
1 en_1007 *Ii faut sauwer kes baloines™, interela Tom.
2 en_1007 Mol jo sauve los bakeines, Tom s'en venia.
3 en_1D07  Louls évent-a lo projet de sauweiage des balol..
4 en_1007 “Swvez los balknes”, procama Tom & fout évent.
[ 1 translation_EW_FR_train_grels.duplicated!}.sumi)
e
=

[ ] dataframe_merged_translate = pd.mergedtranslation_EN_FR_train_input, translation BM_FR_train_grels, on="id_sn'l

.u. dataframe_merged_translate.tailis)

= id_en text_en text_fr
52833 on_95 Soa caplains hawe a lot of afiude Les capitanes de ravine ont beaucoup de lalk..
5834 on 9562 Lasirighi, | kept doaming fhat | had writion. Jal rive gue [t Fastour du Seignour des..

5835 @on_ 3  How doos acard playor pany? They shuffie.  Echautiourse au olub do Dridge - doux porsonne...
5836 ©on_ 39  How does acand playor party T They shuflie Is fant quai, les jouturs de cartes, au son d..

52837 on_ %@ How does acand playor pary? They shulfle.  Commaent e passe une soinge de joueurs do cart...

[ 1 import pandas as pd
lmport json

[ ] with openi'joker_translation_BN-FR_train_input.json’, 'r*] as file:
train_input = json.loadifile)
dataframe_train_input = pd.0ataFrameltrain_input]

[ 1 with openi'joker_translation_BN-FR_train_grels.json’, ‘r*] as file:
train_grels = json.loadifile)
dataframe_train_grels = pd.0ataFrameltrain_grels)

[ 1 # Training data with labels on id
dataframe_train = pd.merge|dataframe_train_input; dataframe_train_grels, on='id_en'}p

E 1d_en
5833 @on 955
5834 @n 852
5836 on 5%
5838 on_59
33T on_ 5%

text_en text_fr
‘Soa caplains hae a lot ol @ftude Lis oapiiaines de navine ont bosucoup de I
Lastnight, | kopl dreaming that | had sitien. Jal vl quie ['dlais Fauteur du Seigneur des...

How doos a card playor pady T They shuife Echaubiourés au cub de Doricige - O BN pErsonme..

How doos a card playor pady T They shuifle 1= fani quod, kes jouours de cades, as sond..

How doos a card playor pardy 7 They shuffle. Commoni so passe une soinds do joseurs do carn..

.n. 'pip install -U easynmt
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REQuirensnt
REQuirenent
REQuirensnt
REQuirenent
Fequirement
REQuirensnt
Fequirement
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REQuirenent
REQuirensnt
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Eequiremsnt
REQuirenent
Eegquiremsnt
Requirensnt
Fegquirement

already
already
already
already
akready
already
already
already
already
already
already
already
akready
already
already
already
akready
already
already
already
already
already
already
already
already
already
already
already
already
already
already
akready
already
already
already
already
already
already
akready
akready
already
already
already
akready
already

satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
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satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satisfied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satisfied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:
satistied:

sasynmt in Susrflocalslibspythond, 18/dist-packages [2.8.20
tgde in fusrilocals/lib/pythond. 18/dist—-packages (from easyrmt) {4.86.4)
transformers<5,==4.4 in jusr/localslib/pythond. 19 dist-packages {from easynmt) (4.48.3)
torch==1.6.8 in SusrflocalsLibfpythond. 18/ dist-packages (from sasynmt]l (2.3.1+culZl]
mumpy in fusry localslib/pythond. 1@rdist-packages {from easynmt) {1.Z5.2)
nltk in fusrilocalslib/pythond. 18 /dist-packages (from easyrmt} {3.B.11
sentenceplece in fusrflocaly/Linspythond. 18/dist-packages (from easynmt) (B.1.98]
fasttext in Fusrflocal/libspythond. 18 /dist-packages (from sasynmt| (B.9.2)
protobut in fusrflocals/libspythond. 1B/dist-packages (from =asyrmil (3.2@.3)
filelock tm fusrflocalslinspythond. 1B /dist-packages (from torchee=1.6.8—-easymmtl (3.14.8]
typing-extensions==4. 8.8 in Jusr/localflib/pytheond. 1@/dist-packages {from torche=l.6.@-=easynnt) [4.11.@)
sympy in Jfusry localslib/python3. 1@rdist-packages {from terche=Ll.6.@-=easynmt) {1.12]
netwarks Ln FusrflocalsLibspythion3. 18/dist-packages (from torches=l.86. B—-sasynmtl (3.3}
Jinja? in Jusrflocalyslib/python3. 18 dist-packages {from torche=l.G.@-=easynmi] [3.1.4)
fsspec in Jusrflocalslib/pythond., 19/dist-packages (from torche=l.G.@-=zasynmt] [2923.6.8]
midia—cuda-nvrto-cul2==12. 1. 1985 in Jusré lecals Libspython3. 18 dist-packages (from torche=1.6.8—=easynmt) {12.1.185)
myidig-cuda-runtime-cul2==12.1.183 in jfusr/localylibfpython3d. 19 sdist-packages (Trom torche=1l.6,@-=easynmnt] |1Z.1.005)
midisa—cuda-cupti-cwl2==12.1. 195 in Susrflocald/Libspythond.18/dist-packages (from torches1.0.8-=casymmtl {12.1.185)
mvidia—cudnn-cul2==8.9.2. 26 in fusr/localy Linydpythond. 18 /dist-packages (from torches1.6.8-=casymmi} (B.9.2.328)
mridiz—cublas-cwlz==12.1.3.1 in Jusr/lecalsLlib/pythond. 1 dist-packages (from torche==1.0.@—sasynmty (12.1.3.1)
mridis=-cufft-culZ==11.68.2.54 in fusrflocalflib/python®. 18/dist-packages {from torche=1.6.@-=easynmt) {11.6.32.54]
mvidiz—curand-cul2==18.3.2.18& in SusrflocalslibSpythond. 18/dist-packages |from torche=l. & 8-=easynmt] [18.3.2.186)
midia—cuselver—cul?==11.4.5. 197 in Jusr/lecals/ Lib/pythond. 18/ dist-packages (from torcfesl.6.8—=easynmt) {11.4.5.197)
mildiz-cusparse—culd==12.1.8. 196 in JusrflecalsLlib/pythond.l8/dist-packages (from torche=1.6.8->easyrmty {12.1.8.096]
meidiz—nccl-culZ==2.19.3 in Jusr/localslib/pythend. 1@ dist-packages | from torche=1.G.@-=sasynmt) [2.19.3)
mvidiz—nwitx-cull==12.1.18% in SfusrflocalysLibSpythond. 18 dist-packages (from torchesl.&.B-=zasynmt]l (12.1.185)
triton==2,2.8 in Jusr/local/lisspythond.18/dist-packages (from torche=1.&.8—=easyrmt) (2.2.8]
midia—nvjitlink—culz in fusrflocalyslibSpythond.l8sdist-packages |(from nwidis-cusolver-culE==11.4,5.187—=torce=1.6. B—=easynmt ) (12.4.127)
hsggingtace—hub<l.8,==0.19.3 in fusrflocalyslib/python2. 18/dist—packages {from transfomers<S,==4. d-=-sasyrmt] (8.20.3}
packaging==28.@ in Jusr/localylib/pythond, 18 dist-packages {from transformers<s, =4, 4-=easymt) {24.@)
pyyaml==5.1 in fusr/localylibfpythond. 18/dist-packages [from transformerssS,=-=4, 4-=easynmt) {G.9.1}
reged!=281%.12.17 in fusrflocalsLinspython3. 18/dist-packages (from transformers<s,==4,4-=casynmt] (2923.12.35)
requests in fusrflocals/Lindpythond. IB/dist-packages (from transformers<S esd.d-weasynmt ] (2.31.9)
tokenizrers<d. 2@, >=8.19 in fusrflocalslib/python3. 18 /dist-packages [from transformers<s ==4. d-=easynmt] (9.19.1]
safetensors==g.4.1 in Jusrflocal/Libspythond. 18/dist-packages (from transformers<s,w=4.4-=sasynmt] (@.4.3)
pyoindll==2.2 in fusr/localylinspythond. 18/ dist-packages (from fasttext—=easynwt) {2.12.8)
setuptonls==8. 7.9 in fusrflocals Linspythond. 1B dist-packages (from fasttext-=easymmt) (67.7.21
click in fusrflocalflib/pythond. I dist-packages {from nltk-=easynmi] (8.1.7)
jeblib in JSusrflocalyslib/pythond, 19sdist-packages {from nitk-=sasynmtl (1.4.Z)
MarkupSate==2.@ in Jsusry/localyflib/python3, 18 dist-packages {from jinjal—=torch==1.6.8—~easymut} {2.1.5]
charset-nomalizersd =23 in Jusrflocalflibfpython3. 1@ fdist-packages {from reguests-»transformers<S,==4.d-=pasynmt) {3.3.2]
imna<d, ==2.5 10 SusrflocalsLibspythond. 18/ dist-packages (from requests—=transformers<s, ==4.4-=easynnt] (3.7]
wrilib3=3,»=1,.31.1 in Jusrflocal
CErtif1==2@17.4.17 in Jusr/local
mpnatha=8.19 in fusrflocalslibsfp [ 1 from easynmt import EasyMMT

model = EasyMMT{'opus-mt'|

results = []

for text_en in dataframe_train["text_en'|(z2]: & Accessing the first 2 elements
result = model.translate(text_en, target_Lang="fr'|
results. appendi result]

[ ] printiresult}

S+ Sauvez les baleines, a soufflé Tem.

[ 1 with cpent'joker_task3d_Z824_test.{son’, 'r')] as file:
test_data = json. load{file]

[ 1 dataframe_test_data = pd.DataFrame|test_data)l
dataframe_test_data.head|l8)

[ 1 print{typel{datatrame_test_datal} & Check the type of dataframe_test_data
# Print the first few rows to inspect the structure

print{dataframe_test_data.head|})

S+ <class 'pandas.core.frame.DataFrame’s=
1ad_en text_sn

@ en @ To get 28/28 in a marathon you really need to ...
1 en_1 The maths teacher always arrives wearing an od...
Z en_2? What iz the worst thing abowt bedng a director...
3 en_3 There was a guy who got fired from the orange ...
4 en_d 0ld presidents never die, they're just out of ...

[ ] dataframe_test_data = dataframe_test_data.head()

.u. results = []
# Translate jokes
for index, row in dataframe_test_data.iterrowsii: & Iterate over rows
translation = model.translate{dataframe test datal'text =n']. source lang="=n', target lang="fr'l £ Translate

individual text



Task 3: Translation of Puns from English to French

result = model.translate(text_en, target_lang="'fr')

For example, the pun
“Save the whales, Tom blubbered.”

was translated as:
"Sauvez les baleines, a souffle Tom."



THANK YOU

Incorporate team of the Universities of Split and Kiel:

JOker TraCk This information is intended for internal use only. Unauthorised dissemination, distribution, copying, or use of this material is strictly prohibited.



